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S. Ono and |. Yamada, “Color-line regularization for color artifact removal,” IEEE Trans. Comput. Imag.,
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M. Onuki, S. Ono, M. Yamagishi, and Y. Tanaka., “Graph Signal Denoising via Trilateral Filter
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observed observed GFPCA CNMF HySure
H51mage FAIN tmage CC:0.8813 CC:0.7839 CC:0.8704
These images depict the HS images SAM:11.54 SAM:16.23 SAM:20.46
as RGB images. RMSE:500.6 RMSE:729.0 RMSE:557.1
(R = 16th, G = 32nd, B =64th band) ERGAS:8.762 ERGAS:11.90 ERGAS:9.714

Bayesian Naive ~ Bayesian Sparse ~ proposed (L1)  proposed (L1,2) original

CC:0.7782 CC:0.7830 CC:0.9409 CC:0.9410 & {age

SAM:30.88 SAM:30.34 SAM:9.891 SAM:9.878

RMSE:800.9 RMSE:785 .4 RMSE:344 4 RMSE:344.2

ERGAS:14.26 ERGAS:14.03 ERGAS:6.135 ERGAS:6.130
S. Takeyama, S. Ono, and |. Kumazawa, “Robust and effectine hyperspectral pansharpening using
spatio-spectral total variation,” IEEE ICASSP, 2018. 3
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Algorithm 1: Plug-and-play image restoration based on primal-dual splitting (PDSPnP).

input : u®, y{¥, y{” . -
ERD) 1 AREFEZIE
AHEE (plug-and-play)

1 while A stopping criterion is not satisfied do

2 | u™) = Br(™ -1 (8Ty” +37), vIT); %
) (n) n n)\. oy ’ m— e -
3| oy ey e —u) (S HOETIVEBRICED A

DDF—% c‘:.d)%’;:"%'li’&iﬂﬁ

el n
Y =y — e prox g, (55317);

= y(n) =Y le (72}’5 )),

7 n<+<n—+1;

(n

1
i yé n) “ yé n) + 7 (zu(n+1) u(n)).
s |yl

(n+

2

6

output: u™
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S. Ono, “Primal-dual plug-and-play image
restoration,” [EEE Signal Process. Lett., 2017.
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input : F, G Y, and ||£5£4] (d=1,2,3)
1 while A stopping criterion is not satisfied do
ford=1 to 3 do
Wék} = @i;edFEk);
Ak — W(k)TM (W(k)).
B(k) W(k) Y(d)
Set v, and 7, satisfying the inequality;
Update de) and ch) using the primal-dual-splitting
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algorithm initialized with the previous F(k and Gék);
F((ik+1) - F((ik);

S. Ono and T. Kasai, "Efficient constrained tensor ) G G, 20 b2 ww
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dual splitting,” IEEE ICASSP 2018. output: F® (d—1,2,3) ‘
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Y. Kaneko, S. Muramatsu, H. Yasuda, K. Hayasaka, Yu
Otake, S. Ono, and M. Yukawa, “Convolutional-sparse-

coded dynamic mode decomposition and its
application to river state estimation,” IEEE ICASSP 2019.
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